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Special Cases
If :

(all features have the same variance, no
then a function to minimize is :
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Minimum distance classifier !
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distance, are only optimum if (assum

•Equal priors

•Uncorrelated Features
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Linear Classifier !

(Hyperplane decision boundry)
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General Gaussian Case

Quadratic Classifier

Gaussians are completely specified by 1st and 2nd order statistics.

Is this enough ?
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